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Improving the Quality factor for the recognition medical patterns

Dr.Yaroub Dayoub*

Dr.Jaafar Salman**

D'uaa mhna* **
o ABSTRACT o

Medical patterns refer to anomalous conditions that affect the human body causing impaired
function, or overwork for the affected person. These patterns are divided into several
sections, including cancer, which is characterized by the growth and division of cells in an
irregular manner.

Breast cancer is the second reason to women death in the world and early detection is
considered as a good great important step in the treatment.

Early detection depends on medical imaging which plays a major role in the diagnosis of
tumors because the radiography is the first taken step to determine the probability of having
this disease and this step is followed by analysis the Tissues to check of this and determine
the anomaly type.

The goal of this research is to put a program able to provide a medical image with highest
possible quality, highlight the most important features, and provide the program with a deep
learning system to get the full information as passerby

Which constitute a support to the expert option in order to reach the proper diagnosis and
choose the exact treatment.

In this research, we have introduced a suggested method process digital image in order in
order to highlight the major and needed features for diagnoses cancerous diseases through:

v Morphological operation to highlight clear feature in the image.

v Develop a methods throaty using genetic algorthem in order to split the image according
to color area changing to highlight breast tumor location.

v Put an algorithm works according to medical classification system (TNM) to extract
anomaly area from the medical image and determine the disease stage and the volume
of anomaly.

The proposed method is provided with artificial intelligence algorithm, neural network,
decision tree, the nearest neighbor algorithm (KNN), support vectors that work on
classification of parameters resulting from tissue analysis predicate anomaly type.

This previous algorithms is implemented with comparing of the results accuracy, and
according to this neural networks is chooses as a major algorithm in the proposal method.
Keywords: medical images, breast cancer, genetic algorithm, artificial intelligence, neural
networks, Diagnosis of breast
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